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Multi-view Harmonized Bilinear Network for 3D

Object Recognition
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Figure 5. The architecture of the proposed Multi-view Harmonized Bilinear Network (MHBN).

Correlation Tracking via Joint Discrimination
and Reliability Learning
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Decorrelated Batch Normalization
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Algorithm 1 Forward pass of DBN for each iteration.
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Input: mini-batch inputs {x;,7 = 1, 2..., m}, expected mean
e and expected projection matrix Z_g”?.
Hyperparameters: €, running average momentum A.
Output: the ZCA-whitened activations {X;,7 = 1,2..., m}.
calculate: = =+ i1 X

calculate: ¥ = - Doy (X — ) (x5 — w)' + el

execute eigenvalue decomposition: ¥ = DADT.

calculate PCA-whitening matrix: U = A~1/?DT.
calculate PCA-whitened activation : X; = U(x; — p).
calculate ZCA-whitened output: X; = DX;.

update: pg + (1 — A\) g + A g

update: 7% « (1 = \)X5"? + ADU.




